
Motivation

The RAL-CDNet

Ø The main framework:

Ø Cross-domain Retrieval Unit

Ø Cross-domain Alignment Unit

Offline Experiment

Ø Cross-domain lifelong behaviors modeling is an effective 
way to improve the performance.

Ø RAL-CDNet:
- CD-RU is responsible to retrieval cross-domain items
- CD-AU introduces two task to explore the relation.

Ø Evaluation on both online and offline datasets.
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Ø Lifelong behavior modeling in 
single domain is an effective 
way to improve the 
performance.

Ø Lifelong behaviors from another 
domain is helpful.

Ø Cross-domain lifelong behavior 
modeling faces inconsistency, 
sparse and alignment issue.

Online Experiment &case study

Observations: 
Ø Lifelong behaviors are useful. Sequential > DNN/DeepFM
Ø Cross-domain methods enhance

the performance.                          Cross-domain > Single domain
Ø Cross-domain Sequential methods

are better. MiNet&LCN > others
Ø Cross-domain lifelong behavior modeling

improve the performance RAL-CDNet > others

Ø Online tests on WeChat advertising platform for 4 weeks 
CTR+5.34%,CPM+7.67%

Ø A case study on Amazon dataset

Use PLM to calculate the 
semantic representation of item

ü Contrastive Loss is used to 
align the embedding across 

the domains.

ü Auxiliary Loss is used to 
preserve the source 

information.

Semantic embedding retrieval can discover a 
broader range of related items across the domains


